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Abstract In this paper we establish a general asymptotic representation (GAR) of
the S-Gini index of inequality J(ν), ν ≥ 2, using the functional empirical process
(fep) and the Lo’s residual functional empirical process introduced by Lo and Sall
(2010a) and Lo and Sall (2010b), abbreviated lrfep.
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générale (GAR) de l’indice d’inégalité S-Gini, noté J(ν), ν ≥ 2, en utilisant le pro-
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de Lo introduit par (Lo et Sall (2010a)), et (Lo et Sall (2010b)), abrégé lrfep.
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1. Introduction

It is common in Statistics to estimate parameters and to study the asymptotic
behavior of the estimators. In that sense, approaches based on the functional
empirical processes (fep) can be applied to a number of statistics and indexes,
that are used in Mathematical Statistics and in many other disciplines (see, e.g.,
Zeng (1997); Foster et al. (1984); Kakwani (1980) and Sen (1976)).

The first attempt of having a common frame for the asymptotic theory of those
statistics was done in Lo (2013), where the real-valued empirical processes are
used. Later, the combination of the fep with the so-called residual empirical
process - that has been later turned into a functional form named residual
functional empirical process - started a new and global approach that provides
general asymptotic representations (GAR) in the fep for a huge class of indices
arising in many fields (see, e.g., Mergane et al. (2018a) for Gini’s inequality index).
More details can be found in Lo et al. (2023).

In this paper, we use the described approach to provide a GAR for the S-Gini
based on the functional empirical process (fep) and the Lo’s residual functional
empirical process introduced by Lo and Sall (2010a) and Lo and Sall (2010b),
abbreviated lrfep.

The layout of the paper is as follows. We define and discretize the S-Gini index of
inequality in Section 2. In that section, we also give some reminders on empirical
functions. The results on the GAR are given in Section 3 and their proofs in
Section 4. We conclude the paper in Section 5.

2. Definition and discretization of the S-Gini index

The S-Gini index is a variation of the traditional Gini coefficient, which is a
measure of inequality. While the Gini coefficient is widely used to measure income
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or wealth inequality within a population, the S-Gini coefficient introduces a
parameter that allows for more sensitivity to changes in different parts of the
income distribution.

Let X ≥ 0 be an income variable with cumulative distribution function cdf F ,
F (0) = 0 and let Q(◦) = F−1(◦) be the quantile function and let ν > 0. The S-Gini in-
equality index with parameter is defined us follows in Zitikis and Gastwirth (2002):

Let us suppose that we have the income observations X1, X2, . . . on the same prob-
ability space (Ω,A,P), independent with PX common probability characterized by
us cdf FX = F .

Let µn = 1
n

n∑
j=1

Xj , n ≥ 1, be the sample X1, . . . , Xn and µ = E(X) the exact mean

that is assumed to be finite. The most used empirical expression of the Gini index
(GI) from the sample of size n ≥ 1 is:

GIn =
1

nµn

n∑
j=1

(
2j − 1

n
− 1

)
Xj,n, (1)

where 0 < X1,n < . . . < Xn,n is the order statistic associated with the sample. From
Zitikis and Gastwirth (2002), a theoretical expression is:

GI =
1

2µ
E(|X ′ −X ′′|), (2)

where X ′ and X ′′ are two independent copies of X. From the asymptotic as in
Mergane et al. (2018b) and Lo et al. (2023) (in the current issue of this journal),
we also define it as:

GI =
E(X(2F (X)− 1))

E(X)

In Gisbert and al. (2010), we can found a remarkable study of properties, the
strengths and weaknesses of the GI alongside interesting ways to improve it as
well a significant list of related references is given therein.

Here we want to quickly go to our point by remarking, as Gisbert and al. (2010)
recalled from Donalson and Weymark (1983) that the GI can be written as:

GIn = 1− 1

µ

n∑
j=1

aj

n∑
j=1

ajXn−j+1,n, (3)

(which is an equivalent writing of Formula 9 is Gisbert and al. (2010)) for
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aj = 2j − 1, 1 ≤ j ≤ n.

The statistic at the right hand of (3) is defined as given in Gisbert and al. (2010),
page 6. In the frame of current project, we are concerned with the asymptotic
representation through the fep and lrfep of J(ν).

The asymptotic theory of the J(ν) seems to be investigated very recently, in partic-
ular in Xu (2000) for the computation of the asymptotic variance and Zitikis and
Gastwirth (2002) for a general central limit theorem using the expression:

J(ν) = 1− ν

µ

∫ 1

0

F−1(u)(1− u)ν−1du (4)

(see also Yitzhaki (1983)).

Let us now discretize the index in (4) by plugging in the empirical quantile function
in J(ν) as below. Let X1, X2, . . ., be independent copies of X and for n ≥ 1, we
consider the order statistics of the sample

X0,n = 0 < X1,n < . . . < Xn,n < Xn+1,n = +∞.

The empirical mean is

µn =
1

n

n∑
j=1

Xj,n

and the empirical quantile is defined by Qn(0+) = X1,n and for 0 < s < 1,

Qn(s) = Xj,n, if
j − 1

n
< s ≤ j

n
, j ∈ {1, . . . , n}.

We have

Jn(ν) = 1− ν

µn

∫ 1

0

Qn(u)(1− u)ν−1du

=
µn
µn
− ν

µn

n∑
j=1

∫ j
n

j−1
n

Qn(u)(1− u)ν−1du

=
1

µn

µn − ν
n∑
j=1

∫ j
n

j−1
n

Xj,n(1− u)ν−1du


=

1

µn

µn − ν
n∑
j=1

Xj,n

∫ j
n

j−1
n

(1− u)ν−1du

 .
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We have ∫ j

n

j−1
n

(1− u)ν−1du = −1

ν

{(
1− j

n

)ν
−
(

1− j − 1

n

)ν}
. (5)

Thus,

Jn(ν) =
1

nµn

n∑
j=1

(
1 + n

{(
1− j

n

)ν
−
(

1− j − 1

n

)ν})
Xj,n. (6)

Our objective is to obtain the General Asymptotic Representation GAR using the
functional empirical process (fep) and the Lo residual empirical process (lrfep).

Before we go further, we need some recalls for stating this objective. Next, we will
describe our results and comment one the signification of ν as suggested by our
study.

Recalls on the empirical functions

In this part, we complete the notations we already gave and specify our probability
space.

The notation below concerns the univariate random distributions. We are going to
describe the general Gaussian field in which we present our results. Indeed, we
use a unified approach when dealing with the asymptotic theories of the welfare
statistics. It is based on the Functional Empirical Process (fep) and its Functional
Brownian Bridge (fbb) limit. It is laid out as follows.

When we deal with the asymptotic properties of one statistic or index at a fixed
time, we suppose that we have a non-negative random variable of interest which
may be the income or the expense X whose probability law on (R,B(R)), the Borel
measurable space on R, is denoted by PX . We consider the space F of measurable
real-valued functions f defined on R such that

VX(f) =

∫
(f − EX(f))2dPX = E(f(X)− E(f(X))2 < +∞,

where
EX(f) = Ef(X).

On this functional space F , which is endowed with the L2-norm

‖f‖2 =

(∫
f2dPX

)1/2

,
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we define the Gaussian process {G(f), f ∈ F}, which is characterized by its
variance-covariance function

Γ(f, g) =

∫ 2

(f − EX(f))(g − EX(g))dPX , (f, g) ∈ F2. (7)

This Gaussian process is the asymptotic weak limit of the sequence of functional
empirical processes (fep) defined as follows. Let X1, X2, ... be a sequence of inde-
pendent copies of X. For each n ≥ 1, we define the functional empirical process
associated with X by

Gn(f) =
1√
n

n∑
j=1

(f(Xj)− Ef(Xj)), f ∈ F ,

and denote the integration with respect to the empirical measure by

Pn(f) =
1

n

n∑
i=1

f(Xi), f ∈ F ,

Let us denote by `∞(T ) the space of real-valued bounded functions defined
on T = R equipped with its uniform topology. In the terminology of the weak
convergence theory, the sequence of objects Gn weakly converges to G in `∞(R), as
stochastic processes indexed by F , whenever it is a Donsker class. The details of
this highly elaborated theory may be found in Billingsley (1968), Pollard (1984),
van der Vaart and Wellner (1996) and similar sources.

Here, we only need the convergence in finite distributions which is a simple
consequence of the multivariate central limit theorem, as described in Chapter 3
in Lo et al. (2016).

We will use the Rényi’s representation of the random variable Xi’s of interest by
means of the (cdf ) F of X as follows:

X =d F
−1(U),

where U is a uniform random variable on (0, 1), =d stands for the equality in dis-
tribution and F−1 is the generalized inverse of F , defined by

F−1(s) = inf{x, F (x) ≥ s}, s ∈ (0, 1).

Based on these representations, we may and do assume that we are on a probability
space (Ω,A,P) holding a sequence of independent (0, 1)-uniform random variables
U1, U2, ..., and the sequence of independent observations of X are given by

X1 = F−1(U1), X2 = F−1(U2), etc. (8)

For each n ≥ 1, the order statistics of U1, ..., Un and of X1, ..., Xn are de-
noted respectively by 0 ≡ U0,n < U1,n ≤ · · · ≤ Un,n < Un+1,n ≡ 1 and
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− inf ≡ X0,n < X1,n ≤ · · · ≤ Xn,n < Xn+1,n (0 = − inf ≡ X0,n for a non-negative
random variable X).

We also associate the sequence of (Un)n≥1 with the sequence of real-argument em-
pirical functions

Un(s) =
1

n
#{j, 1 ≤ j ≤ n, Uj ≤ s}, s ∈ (0, 1), n ≥ 1 (9)

=

n∑
j=1

j

n
1(Uj,n≤s<Uj+1,n), (10)

and the sequence of real-argument uniform quantile function

Vn(s) = U1,n1(s=0) +

n∑
j=1

Uj,n1((j−1)/n<s≤(j/n)), s ∈ (0, 1), n ≥ 1 (11)

and next, the sequence of real-argument uniform empirical processes

αn(s) =
√
n(Un − s), (12)

for s ∈ (0, 1) and n ≥ 1, and the sequence of real-argument uniform quantile pro-
cesses

γn(s) =
√
n(s− Vn), s ∈ (0, 1), n ≥ 1. (13)

The same can be done for the sequence (Xn)n≥1, and we obtain the associated
sequence of real empirical processes as

Gn,r(x) =
√
n (Fn(x)− F (x)) , x ∈ R, n ≥ 1, (14)

where

Fn(x) =
1

n
#{j, 1 ≤ j ≤ n, Xj ≤ x}, x ∈ R, n ≥ 1 (15)

is the associated sequence of empirical functions. We also have the associated
sequence of quantile processes

Qn(x) =
√
n
(
F−1(n)(s)− F

−1(s)
)
, s ∈ (0, 1), n ≥ 1 (16)

where, for n ≥ 1,

F−1n (s) = X1,n1(0≤s≤1/n) +

n∑
j=1

Xj,n1((j−1)/n≤s≤(j/n)), s ∈ (0, 1), (17)
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is the associated sequence of quantile processes.

By passing, we recall that F−1n is actually the generalized inverse of F(n) and for the
uniform sequence, we have

Vn = U−1n . (18)

In virtue of Representation (8), we have the following remarkable relations

Gn,r(x) = αn(F (x)), x ∈ R (19)

and

Qn(x) =
√
n
(
F−1(Vn(s))− F−1(s)

)
s ∈ (0, 1), n ≥ 1. (20)

We also have the following relations between the empirical functions and quantile
functions

Fn(x) = Un(F (x)), x ∈ R (21)

and

F−1n (s) = F−1(V(n)(s)), s ∈ (0, 1), n ≥ 1. (22)

As well, the real-argument and function-argument empirical processes are related
as follows: for n ≥ 1,

Gn,r(x) = Gn(f∗x), αn(s) = Gn(f̃s), s ∈ (0, 1), x ∈ R, (23)

where for any x ∈ R, f∗x = 1]−∞,x] is the indicator function of ] − ∞, x] and for
s ∈ (0, 1), fs = 1[0,s] and f̃s = 1]−∞,F−1(s)].

To finish the description, a result of Kiefer-Bahadur (See Bahadur (1966)) that
says that the addition of the sequences of uniform empirical processes and quantile
processes (12) and (13) is asymptotically, and uniformly on [0, 1], zero in probability,
that is

sup
s∈[0,1]

|αn(s) + γn(s)| = oP(1) as n→ +∞. (24)
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3. General Asymptotic Representation of the S-Gini index

3.1. Our Objective

Based on the notation above, we may say that we search the GAR in two steps.
First, we want to put the statistic Jn(ν) in the form

Jn(ν) =
1

µn

{
1

n

∑
1≤j≤n

h(Xj) +
1

n

∑
1≤j≤n

(
Fn(Xj)− F (Xj)

)
q(Xj)

}
+ oP(n−1/2), (25)

From there, as in Lo et al. (2023), we need the following conditions:
(CRe1) Eq(X) < +∞;

(CRe2) and, as n→ +∞,

(H2G)
∫ 1

0

√
n (s− Vn(s)) ∆n(q, s) ds→ 0

with

∆n(q, s) =

{
q

(
F−1 (Vn(s))

)
− q
(
F−1(s)

)}
, s ∈ (0, 1).

Then under ((CRe1)) and (CRe2), the GAR is turned into

Jn(ν) =
EH(X)

µ
+ n−1/2Gn(h) + n−1/2

∫ 1

0

Gn(f̃s) `(s) ds+ oP(n−1/2), (26)

with

f̃s = 1]−∞,F−1(s)], s ∈ (0, 1). (27)

Let us describe our results. Here, we focus the study on integer values of ν > 0.
Since J(1) = 0, our study holds only for ν ≥ 2. We study the case ν = 2 and the
case ν > 2. The first case corresponds to the Gini index et we obtain the results in
Lo et al. (2023) (of this series in particular). Finally for ν ≥ 2, and under specified
conditions, mainly on the moments, we obtain the GAR (26) with the associated
parameters and functions:
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H(x) =
{

1− ν (1− F (x))
ν−1
}
x (28)

h(x) =
H

µ
− µ−2EH(X)h1(x)

hp(x) = xp, p > 0

q(x) =
ν(ν − 1)

µ
(1− F (x))ν−2x

`(s) = −q(F−1(s)) =
−ν(ν − 1)

µ
(1− s)ν−2F−1(s).

(29)

Besides, the results remain valid for real values ν ≥ 2. We obtain the S-Gini as
expressed in terms of cdf and not in terms of the quantile function. Generally, the
method fep-lrfep provide an expression in terms of the cdf, what may be called
the direct expression as opposed to the indirect expression that uses the quantile
function.

Here, the direct expression allows us to easily see the impact and the effect of the
parameter ν in

J(ν) = E
(
X(1− ν (1− F (X))

ν−1
)

)
. (30)

We can see that

J(ν) =

∫ +∞

0

x(1− ν(1− F (x))ν−1) dF (x)

=

∫ +∞

0

x dF (x)− ν
∫ +∞

0

x(1− F (x))ν−1) dF (x)

= µ− ν
∫ +∞

0

−x
ν

(
d(1− F (x))ν

)
= µ− ν

{[
−x
ν

(
(1− F (x))ν

)]+∞
0

+

∫ +∞

0

1

ν
(1− F (x))ν dx

}
.

For distributions in the Gumbel domain of attraction, for example, we have [x(1−
F (x))ν ]x=+∞ = 0. For example, this holds for the exponential case with 1 − F (x) =
e−λ x. For Pareto-type distribution 1− F (x) = x−1/γ, γ > 0. The mean µ exists (and
then J(ν)) only if γ < 1. In that case, we also have

[x(1− F (x))ν ]x=+∞ = [x−(ν−γ)/γ ]x=+∞ = 0, for ν > 1.
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In such a case, we have

J(ν) = µ−
∫ +∞

0

(1− F (x))ν dx.

Interpretation. Now we clearly that J(ν) gets greater with ν. Since the inequality
measure increases with ν, that latter parameter can be interpreted as an aversion
of inequality due to its role in emphasizing the inequality with a more noticeable
value.

Here, we did not study the case ν ∈]0, 1[ that should be interpreted as an aversion
to equality by undermining the inequality measure value. We will focus in this case
in a next work.

3.2. Our results

Results of ν = 2.

First let us re-discover the GAR of the Gini’s index, i.e. for ν = 2. Let
H(x) = (2F (x) − 1)x for x ∈ R and `(s) = −2F−1(s) for s ∈ [0, 1]. We need the
following assumptions:

(H0) E|X| <∞.

(H2) EX2 <∞.

(H22) As n→ +∞,

∫ 1

0

γn(s)

(
F−1 (Vn(s))− (F−1(s)

)
ds→ 0.

Theorem 1. If the hypotheses (H0) and (H22) hold, then we have

Jn(2) =
EH(X)

µ
+ n−1/2Gn(h) + n−1/2

∫ 1

0

Gn(f̃s)`(s) ds+ oP(n−1/2), (31)

where

h(x) =
µH(x)− EH(X)h1(x)

µ2
, (32)

h1(x) = x

H(x) = (2F (x)− 1)x

`(s) =
−2F−1(s)

µ
, x ∈ R, s ∈ (0, 1).
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Next, we have

Theorem 2. Define

H(x) =
{

1− ν (1− F (x))
ν−1
}
x (33)

h(x) =
H

µ
− µ−2EH(X)h1(x)

hp(x) = xp, p > 0

q(x) =
ν(ν − 1)

µ
(1− F (x))ν−2x

`(s) = −q(F−1(s)) =
−ν(ν − 1)

µ
(1− s)ν−2F−1(s).

(34)

Suppose that hypotheses H0, (H22) and (H2G) hold. For ν > 0, we require (H2). Then
we have

Jn(ν) =
EH(X)

µ
+ n−1/2

(
Gn(h) +

∫ 1

0

Gn(f̃s)`(s) ds+ oP(1)

)
. (35)

4. Proofs of the results

Let us begin the proofs by general computations for all cases ν > 0. Let us follow
Lo et al. (2023) in deriving the GAR of Jn(ν) as defined in (6). We recall that

∀1 ≤ j ≤ n, Fn(Xj,n) =
j

n
.

Let us transform Jn(ν) as follows, where we apply the mean value theorem (MVT)
in Lines (La), (Lb) and (Lc),
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Jn(ν) =
1

nµn

n∑
j=1

{
1− n

[
−
(

1− Fn(Xj,n)

)ν
+

(
1− Fn (Xj,n) +

1

n

)ν]}
Xj,n

=
1

nµn

n∑
j=1

{
1 + ν

(
1− Fn(Xj,n) +

θn
n

)ν−1}
Xj,n

=
1

nµn

n∑
j=1

{
1 + ν (1− Fn(Xj,n))

ν−1
}
Xj,n

+
1

nµn

n∑
j=1

{
−ν
((

1− Fn(Xj,n) +
θn
n

)ν−1
− (1− Fn(Xj,n))

ν−1
)}

Xj,n (La)

=
1

nµn

n∑
j=1

{
1− ν (1− F (Xj,n)

ν−1
}
Xj,n

+
1

nµn

n∑
j=1

{
−ν
(

(1− Fn(Xj,n))
ν−1 − (1− F (Xj,n))

ν−1
)}

Xj,n

+
1

nµn

n∑
j=1

{
−ν
((

1− Fn(Xj,n) +
θn
n

)ν−1
− (1− Fn(Xj,n))

ν−1
)}

Xj,n. (G1)

=
1

nµn

n∑
j=1

{
1− ν (1− F (Xj,n))

ν−1
}
Xj,n

+
ν(ν − 1)

nµn

n∑
j=1

(
(Fn(Xj,n − F (Xj,n)(1− F (Xj,n) + θnδj,n)ν−2

)
Xj,n (Lb)

− ν(ν − 1)

nµn

n∑
j=1

θn
n

(
1− Fn(Xj,n) +

θn
n

)ν−2
Xj,n. (Lc)
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=
1

nµn

n∑
j=1

(
1− ν (1− F (Xj,n))

ν−1
)
Xj,n

+
ν(ν − 1)

nµn

n∑
j=1

(
Fn(Xj,n)− F (Xj,n)

)(
1− F (Xj,n)

)ν−2
Xj,n

+
ν(ν − 1)

nµn

n∑
j=1

(
Fn(Xj,n)− F (Xj,n)

)
Xj,n

×
{(

1− F (Xj,n) + θnδj,n

)ν−2
−
(

1− F (Xj,n)

)ν−2)}
− ν(ν − 1)

nµn

n∑
j=1

θn
n

(
1− Fn(Xj,n) +

θn
n

)ν−2
Xj,n.

where θn and θn are random numbers in ]0, 1[ and

δj,n = (Fn(Xj,n)− F (Xj,n)), 1 ≤ j ≤ n.

Now for q1(x) = ν(ν − 1)(1 − F (x))ν−2x, and H(x) = (1 − ν(1 − F (x))ν−1)x, for x ∈ R,
we get

Jn(ν) =:
1

µn

(
Pn(H) + R̂en(q1) +Rn(1) +Rn(2)

)
, (36)

with

Pn(H) =
1

n

n∑
j=1

H(Xj,n),

R̂en(q1) =
1

n

n∑
j=1

(
Fn(Xj,n)− F (Xj,n)

)
q1(Xj,n),

Rn(1) =
ν(ν − 1)

n

n∑
j=1

(
Fn(Xj,n − F (Xj,n)

)
Xj,n

×
{(

1− F (Xj,n) + θnδj,n

)ν−2
−
(

1− F (Xj,n)

)ν−2)}
and

Rn(2) = −ν(ν − 1)

n

n∑
j=1

θn
n

(
1− Fn(Xj,n) +

θn
n

)ν−2
Xj,n.
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Now, let us divide the proofs into two cases, based on the value of ν ∈ [2, +∞[.

(C1) Case ν = 2. Back to the Gini index. Proof of Theorem 1. Here, we are trying
to join the computations in Lo et al. (2023), page 3547 and hence get the same
conclusions. For ν = 2, we have

H(x) = (2F (x)− 1)x, q1(x) = 2x

and

Jn(2) =
1

µn

(
1

n

n∑
j=1

H(Xj,n) +
1

n

n∑
j=1

(Fn(Xj,n)− F (Xj,n)q1(Xj,n)

)
− 1

nµn
× θn

n

n∑
j=1

q1(Xj,n).

It clear that the absolute value of

−θn
n

n∑
j=1

q1(Xj,n).

is less than
1

n

n∑
j=1

|q1(Xj,n)|.

Using the weak law of large numbers with Assumption (H0), and by the fact that

1

nµn
=

1

n
(E(X) + oP(1))−1 = OP(n−1),we get

Jn(2) =
1

µn

(
1

n

n∑
j=1

H(Xj,n) +
1

n

n∑
j=1

(Fn(Xj,n)− F (Xj,n)q1(Xj,n)

)
+OP(n−1/2).

From here, we join the computations in Lo et al. (2023) in page 3547. Hence we
conclude as in it under (H0) and (H22), ending the proof of Theorem 1.

(C2) Case ν > 2. Proof of Theorem 2. Consider Equation (36). Let us begin to handle
Rn(2). The function in j ∈ {1, · · · , n}

1− Fn(Xj,n) +
θn
n

is decreasing and takes the values 1− (1− θn)/n at j = 1 and θn/n at j = n, which
are both in [0, 1]. Since ν − 2 > 0, we have that

0 ≤
(

1− Fn(Xj,n) +
θn
n

)ν−2
≤ 1
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and hence

|Rn(2)| ≤ ν(ν − 1)

n

(
1

n

n∑
j=1

|Xj |
)
.

So, given (H0), we have that Rn(2) = OP(1/n). Now to treat Rn(1), we recall the
Kolmogorov-Smirnov law that applies to

Dn = sup
x∈R

√
n|Fn(x)− F (x)| → Z,

we have, for z ≥ 0,

P(Z ≤ z) = 1− 2

∞∑
h=1

(−1)h−1 exp(−2h2z2).

We conclude that

Ln = sup
1≤j≤n

|max(θnδj,n, δj,n)| = OP(n−1/2). (37)

Let us denote

Vn = max
1≤j≤n

∣∣∣∣(1− F (Xj,n) + θnδj,n)ν−2 − (1− F (Xj,n)ν−2
∣∣∣∣ (38)

= max
1≤j≤n

∣∣∣∣(1− Fn(Xj,n) + θnδj,n)ν−2 − (1− Fn(Xj,n) + δj,n)ν−2
∣∣∣∣

(39)

with θn = (1 + θn). Now we have, for any ε > 0, for λ > 0,

P(Vn > ε) = P
(
{Vn > ε} ∩ {2Ln ≤ λ

√
n}
)

+ P
(
{Vn > ε} ∩ {2Ln > λ

√
n}
)

(40)

≤ P
(
{Vn > ε} ∩ {2Ln ≤ λ

√
n}
)

+ P
(
{2Ln > λ

√
n}
)

(41)

=: An(1) +An(2) (42)

Now, by (37), (2Ln)/
√
n is bounded in probability, and then for any η > 0, there exist

λ0 > 0 and n0 ≥ 1 such that for any n ≥ n0,

An(2) = P({2Ln > λ0
√
n}) ≤ η. (F1)
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Next

An(1) ≤ P
(

sup
x∈[0, 1+λ0/

√
n]

∣∣∣∣(x+ 2λ0
√
n)ν−2 − xν−2

∣∣∣∣ > ε

)
.

For n big enough with n ≥ n0, λ0/
√
n is less than 2 and for x ∈ [0, 1], 1 + λ0/

√
n ≤ 2,

we get

An(1) ≤ P
(

sup
(x,y)∈[0, 2]2, |x−y|≤λ0/

√
n

∣∣∣∣xν−2 − yν−2∣∣∣∣ > ε

)
= 0,

for n big enough, since by uniform continuity of the function x 7→ xν−2 on [0, 2], as
n→ +∞,

sup
(x,y)∈[0, 2]2, |x−y|≤λ/

√
n

∣∣∣∣xν−2 − yν−2∣∣∣∣→ 0.

Then, for any η > 0, for n big enough,

P(Vn > ε) ≤ η,

so that Vn = oP(1). Finally ∣∣∣∣Rn(1)

∣∣∣∣ ≤ oP(n−1/2)R̂en(q2),

for q2(x) = x. From Lo et al. (2023), R̂en(q2) = OP(1) for E(X2) finite. Finally, under
(H2), ∣∣∣∣Rn(1)

∣∣∣∣ = oP(n−1/2).

So, we get

Jn(ν) =
1

E(X) + n−1/2Gn(h1)

(
EH(X)) + n−1/2Gn(H) + R̂en(q1) + oP(n−1/2

)
which gives

Jn(ν) =
1

E(X) + n−1/2Gn(h1)

(
EH(X))+n−1/2Gn(H)+n−1/2

∫ 1

0

Gn(f̃s)`(s) ds+oP(n−1/2
)
.

Finally, we get the GAR in (35), ending the proof of Theorem 2. �
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5. Conclusion

In this paper we have established a general asymptotic representation (GAR)
of the S-Gini index of inequality J(ν), ν ≥ 2, using the functional empirical
process (fep) and the Lo’s residual functional empirical process introduced
by Lo and Sall (2010a) and Lo and Sall (2010b), abbreviated lrfep. This serves
as a basis to studying asymptotic normality of the nonparametric estimator of J(ν).
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